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spark;=f5]: CountVecDemo
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TF(£&5%) = 10/1000 = 0.01 ; IDF(&55%)=I1g(1000/10)=2
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sklearnj3iZ:
sklearn.feature extraction.CountVectorizer.TfidfVectorizer
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sklearnj5i%: sklearn.preprocessing.MinMaxScaler

spark;~f5]: JavaMinMaxScalerExample
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sklearnj5i%: sklearn.preprocessing.StandardScaler

spark;=f5: JavaStandardScalerExample
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